ESES

SERIMZECS 2T YY) Ll

48

NSEHEBRDE Y 3

~/ Rl DFFE

Development of Vision Recognition Technology for Loosely Stacked Parfs;

“E Fn  JIIEES ESK

Masahiro Ando  Teruki Kawanishi Yoshihiro Oda

* | BE)ERBERE EERIITE

1 1BUBIC

RETETEF RCHPRRAVADEE ZHEF T
. BE(Q). DX M (C) MHE (D) (CBWVTHE
Gttt A AT LOD C EZPRIBIZES UTE
[FTW2, CODPRABEERDH IR SHEIR
DRI E VT EIETEEEZHEL TV
%) FICEARICMEZSZ BRWTREIEZEDOEEL

FREREN S5 DHRKH SN TV D, ZDIKR

T CEIRICHITZ2EEMEDOFED—DOELTE

BHIRRBREBRN D ZHE~NDZ -
L\O%L_tﬁclaﬁﬁﬁ{?%taﬁé B IR
[CEBULZEN DOERE. 8ROEHE Y F T
BEMBEROO0—R<Y v TZER LI (B1) . 2D
G EZORY NAEY I VY RTFTAICLELDR
LIS LIcD T AR TlE . ZDXREBEBE U
THICHZEOSVES XS ICEENZER (U
BN SREHEBG) DERREIM Z BN T % &
e CZTVSEEORY NBEEY3a VY XT A
EFEESRHRICEL ) OR Y MOTREBRDEIZ %
HWRADIVATL7ZIET,

20224 2023%F 20245 2025% 2030%F

NSHBE YT
23%18 ~25¢3E.1

55
BORM

OW 301/VYIRPREFIR OW 3010vh—RHTR
OW 301FrES—A Y+ —Ti2

1 BEy F U IAREMBAREO—RFYy S
Fig.1 Roadmap of Automatic Picking Technology Development
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Fig.2 Candidates for Automatic Picking in the Assembly Line
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Fig.3 Overview of 3D Matching
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Fig.5 3D Points Test Image of Heater Duct
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Fig.6 Overview of 3D Drawing Data Matching to 2D Images
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Fig.7 The Relationship between Image Processing Range
and Cycle Time
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Fig.10 Operational Flow of Loosely Stacked Image Recognition
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Incorporating Object Detection with YOLOv8
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