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Transfer Learning Utilizing Real Industrial Vehicle Date Based on Similar

Usage Trends
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Abstract We introduce a technology we have developed for building highly accurate prediction models

Keywords: Transfer Learning, Similarity
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applicable to preventive maintenance. Fuel cell forklift operation data varies in usage patterns
depending on the customer, which has posed limitations in improving prediction accuracy using
conventional methods. To address this, we proposed a transfer learning framework that groups
data with similar usage patterns and enables knowledge sharing within each group. As a result, we
confirmed a 16% improvement in prediction accuracy compared to conventional approaches.
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Fig.1 Preventive maintenance applying the ML technology
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Fig.2 Time series plots of features
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(a) All vehicles are located
in one area

(b) The vehicles are divided
into different areas
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